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uanand arwimmtmanalulagnsdeansiisiniis asoungu shlmAnnsUszendld
wnunglumaluladiniedis Wy nsauwuuaaea (Cloud Computing) wsedumesidin
Uszanuassnas (internet of Things, loT) ﬁﬂﬁﬁmﬂwamaﬁagar;hum’%’aﬁdwLﬁaﬁuﬁmmzmuau

Tduegiludviunnn Fansuszendldedafivszdnsnmdeinisiaiediolunsiaszideya

v
=< %
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nmsneulandanufeiMlinseiteyauasiaasledneauazandvihlviinauilen
lumansiinlmlegningn1steya (Data Science) Ni¥emaniiinlaneuazneulandnseiaiu
ANNABINITIATIEYTEYa wenantifalinsnduunlasuaudsuveslayyiuseivg (Artificial

Intelligence, Al) uluizensuuarsinlulsenalneuegiseniuiu
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\umansninseufnuarsngusiuasmnfnegiunseuiumsaunuanus Wnemngsesnmsnauland
Aaszideyalivinanuidndlamiesdeyauiniuwds genvibrddneninanndulunisduny
v [ o P -1 9 s o = o AA v o Yo
anuinusiegluyadeya enreiilovuagingussasandnvemisdeiuiinaglaunauelvieiu
BRI IR HGRIM
Tuumhlaglduuzihniiosfeyalifeidneansiviesdoyadu sudweaiudnenm

Tupsihluussenaldiuanudensiinsendeyanueing o vesyed Jagazideadanaia

fuguveanilosdaya n1sUseend wazuysansmiesteyaszlaiausluundaluniuaidu

1.1 aowiduuwevihidoodoya

frd “willesdoya” Unnglunfausniigidounuffeluunanuides Data Mining Tursans
The Review of Economics and Statistics atuiileunun1fius a.e. 1983 Weulny Michael C.
Lovell Falalldlvmnumneduionidaay uinanismnudeinsinszideyaiiioduny
Auifiudsogluyatoyavmansugmans Inatauonszuausiend (Paradigm) vesnslduseleviann
AfiSendnsuastieya (Data Bank) fldiuteyamaasygeans aniuldimedameaioudumy
wuud1ans (Mode) fuslsegidy “msifiwanuinniduivhlimsuiasugiafinisvhanuureg
p814ls” e “a proportional increase in our knowledge of how the economy actually

works” (Lovell, 1983)

wfanszuuNIstunsAunuauinyadeyaiolugaunisaivdnvesnisiinaans
fsendwniesteya egalsiniu lunisneumansnidesdeyaninisnisnisadnlusudiu
\ATugAanSTrrRINUarUaNdonslataan wisusssuveitnsuasNaansaNmtesleya

daldanunsoszylataauinlaganizegrdslunisussendldlumumuineinisaouiomes

wndn o1 Basuasnadniveaniesteyalususnuineinisaeufiomesisuiam
ﬁuuﬂLﬂugﬂﬁsiuﬁ%mﬂuﬂmﬁwmiw 1990 (Piatetsky-Shapiro, 1990) i Gregory Piatetsky-
Shapiro LEUBLUIAANTZUIUNTT “ﬁuwummimﬂgm%;ga” %39 “Knowledge Discovery from
Database” n¥eu q funsiuusnguesiommiiosdoyaidniou Tnodsasdilvidonlniluemans
wiiosdoyaaudsilagtu msufusimesionuarumnsveaviiosdayatsiimansmilostaya
FaiAtannnsladnun Wumansfigdaimeowazndouusuasunugnais Fasannsofnwm

Jerunvainratedlalurdadald
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vanewadafldluniedeyadumeatiaiimunneuiiviiostoya wu n1sdwunlsznm
Joya (Data Classification) uagn1sdungudeya (Data Clustering) usnallawaniidiowsnly
megaunsalivilostayans “n1sAuNUANNIINYAteYa” Fuldnuaranine1nts vilimans

wilesdoyaanunsanaeusiuvanamadafiiaunduneunihisudumaianldnulumiiorfeyald

agdlsfimy wlgaunisaivesmansmilosdoyafionisAunuanuianyadeya winseu
nsvhauresmilestoyadufisduniainszuiunsfunuanudnnyadeyanintu wadns
vosmmiuniiestoyadeiilvanuy Wuiles “unmiisuiiviaula” wie “Interesting Patterns”
(Han, Pei, & Tong, 2022) @MSUATIVEOU FAIM LLasai;dNaﬁwﬁﬁﬁwlﬂﬁﬂaﬂuimwu%umau
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fomduedosdioddydmiudGusudnulumanslafmuielidsaiaufnumasudu
wdwield vierilelalvizousvensnnuesnusnveululnaifuly msdeniomanlfiduedes
thmsnsiFeuiaduFesdiy

dsumilosdeyafifumanslud uenanmadeniiwiiumasgiudusFusuiegy
rnanswilosdoyatiieidunsesiiotmamsiBouiuds msfvundonslmidaduedesdlousum
mitedeuslumaniviosdoyalifeuimihviugeadeinnetu amslyivesmanivilestoya
biilenaimwanudumansdnuin wdamunsimuaiiendlndlitumiiosloyaetiauouds
Jaqdu
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#l4de Data Mining: Concepts and Techniques (Han et al.,, 2022) NUFUBUDY
nsndlglieiiemilesdoyaiiusulsdduativusuusndedl 4 1 “wilestoyafenssuiunis
Aunuunaisufivaula, wuusiass LLazmmié’ﬂwmEd)'ummgwﬁa;gaﬁuum‘img” 739 “Essentially,
data mining is the process of discovering interesting patterns, models, and other kinds of
knowledge in large data sets.” Tneflanundiuiisiiudn mﬁmﬁﬁa;&amﬂﬁﬂmﬁmmzamdw

willosruiandeya wideiilumferuiull wie “Data mining should have been more
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appropriately named ‘knowledge mining from data,” which is unfortunately somewhat

long.” (Han et al,, 2022)

TuansunIuUIUMUing %58 Encyclopedia Britannica (Clifton, 2010) Tiaaumsneves
wilosdoyaliin “wilosdeyafenszuiunsiunuunmiisunayeudmusihaulouasiiussTov
Nnnyadoyavuialug 1umaniisuadesiionnmansmeiuaiiuazUeyguseivg (gu
Tasstheuszamifisuuaziadosdnaious) lumsdszgndldnutunisinnisgrudeyaiiiedinsesi
‘qm’faigaa%ﬁasumﬂ%ig” 139 “the process of discovering interesting and useful patterns
and relationships in large volumes of data. The field combines tools from statistics
and artificial intelligence (such as neural networks and machine learning) with database
management to analyze large digital collections, known as data sets.” (Clifton, 2010)

a A

uiemlaTidu (1B8M) Mbunislugynidnmilesdeya I8lvddemmilesdoyadian
Tu A.A. 2021 (IBM Cloud Education, 2021) 131 “wilesteyaniensinfudndondsinnisduny
anuinnyedeya unszuunmsdameunaiisulazansaumanisimiulegluyadoyavunslng”
%39 “Data mining, also known as knowledge discovery in data (KDD), is the process of
uncovering patterns and other valuable information from large data sets.” (IBM Cloud

Education, 2021)

gl munsaesuemmneveaniodeyaiinsetuldd “@unseuiuns
dmsuAunuunisuihaulasasivsslovinndoyavinalng” luunsdemiulfienuaunse
Jszgnildnuanundsdeyananranednuary vidsdulufivedaduneuiBuuuanineinis
vesmnglinnuddyiumuwaiiisuioniuuudasdunsesuisasiaulaiudegluye
foya warvnedemtiuiimsidudiumiwenszuiunsfunuanuiandeyavualng
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dmsulTeunasularIdpumleioyaninit 20 U duussendlduarysannisnaila

neauvilesdeyaiuyateyaivainvatgvuiaiieaiiaasolewilosdeyalui 9 aga duld

nnANNENIUS, Nuiiautiaula, anuaiatuvesnuiauls (Liewlom, 2021a), Hsfnelan
gimmﬁmﬁm‘ﬁa;&a (Sangsuriyun, Liewlom, Tangsakul, & Suchaiya, 2022) wazU1usseny
(Liewlom, 2023)
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UNINYNRY LATUMNINYINUNYATAIEAS TUYI9 W.A. 2503 Lag W.A. 2544

. 2503 wilesdayaunngedusnluundngoinorinusinermansumingia auvien
weluladansauma 89 waninu adarnian $aun a¥annianl, 2543) lnedenansdfivinm
Ao asAnfde atueuui nunIerdemelulagnszaeunaisuys Ausmaluladansaumne
TuhdaSes Synergistic Genetic Algorithms for Inductive Learning (SynGAIL) lage195i94nns
Usrendlfinadaanmansiniiesioyausngtuduadoun

Aa o

WAl 2544 INeUnNuSINeIansuUgin a191IngIn1sAeNienes 2 atulsndAI
wilosdeyausngluleinednusie nerdnusizes meviwnilosdeyauuiu (@sdnd dumad,
2544) 499 WENSANA BUMIA Tenansdiivinunde as3a wdadine MnumAneIdeuing
wazinefinusidor mIvenuuuuaiafuneuIsnTiesitufinmadldlnelfmatianisyii
wilosdeya vee Wy azessgssal T019156MUSnuAe He. as.yaasy Aadina 9ngwiadnsal
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wa. 2504 Bifeafud fudfernvesufoRifeinneiuarduduanuiangudoya
Yunlngy (Data Analysis and Knowledge Discovery Laboratory, DAKDL) U ivigndaLnumsaans
thiauenuAdelunsans NECTEC Technical Journal T 3 18wl 11 3es mslimadiansnlanids
WevianngunmnsAnulanausimnssuemans (nquay ledle, Savun de@3 wavsutiuns

SnsTIuIuLN, 2544) Tae A, as.nquas ey (Funimiadsnnisvaziu), Favun 8983 was



