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DGP nszviunsnenliadeya Data Generating Process.

EEG 893 Electroencephalogram.

ESS HaUINAGIaRignedue Explained Sum of Squares.

FIR NanOUAUDIDNWadoUAUTIAA Finite Impulse Response.

fMRI wildue13le Functional magnetic resonance imaging.

i.i.d. lolod Independently and Identically Distributed.

KL n1sgeenvuasfadwun-autaes Kullback-Leibler divergence.

LMSE nsUsznadadulibuduiiimaanndeuiidaeaaiondn Linear Unbiased

MMSE Estimation.
LS MasaeatiosanidaLdu Linear Least-Squares.
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mmwmamﬂﬁ'aué’mgszﬁmﬁla Mean Absolute Error.
ﬂﬁﬂizmmmamﬁagdqm Maximum a posteriori estimation.

10udI Magnetoencephalography.
nanedyIulLayratedygiuean Multiple Input Multiple Output.
miﬂiummmauma Lﬂuaﬂam Maximum likelihood estimation.

mﬂmmmaaummaamaamam Minimum mean square error.
mﬂmmﬁaauﬂ’lmaauaa‘ﬂ Mean Square Error.
m*tJiumm"LaJLauLa&NLLﬂiﬂ'ﬁ’mmqm Minimum Variance Unbiased Estimator.

Numerical Algorithms for Subspace State Space System Identification.
Mavaeseuanliiliady Nonlinear Least Squares.

APANALARDUTIATYEUBN Output Error.
ﬁﬂﬁﬂﬁ@ﬁﬁ@ﬂﬁﬂaﬂﬁiy Ordinary Least-Squares.

BAuRaNaInlun1YIIUIY Prediction Error Method.
Past outputs Multivariable Output-Error State-space.
S1AUgIUADIdUVIEY Pseudo Random Binary Sequence.

ANNUANIINNA3A8Y Quadratic programming.

] ::4' o w A
INVDIANA[ALAGDUNEIGFDILRAE Root Mean Square Error.

d' | d .
AUANPLARDUAIUNRDUINTFIU Residual Standard Error.
NAUINANAIADIU098IUAD Residual Sum of Squares.

ANUARIALARBUNINTFIUYBIHUUTEAS Standard Error of the Coefficient.
NM9180UUVANNITINLATIASN Structural equation models.

dyanudfgnasdygyineaniien Single Input Single Output.
NAUINAIAIEDWIINUA Total Sum of Squares.

nAweInIzUIUNTannaslusa Vector autoregressive process.

ﬂg]fiﬁmummsj”méau Weak law of large numbers.
masaepggnalnimin Weighted Least-squares.
ARTILTINTIS Wide-sense stationary.
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